
5.

We define θ(s, x) as the returns from S years of schooling for someone with other character-

istic (experience, ...) x, i.e.

θ(s, x) = exp (β0 + βSS + βexpExp+ . . .) (1)

where we exploit the the median ui is zero as it is symmetric with expectation 0. We then

see that

θ(s+ 1, x) = exp (β0 + βS(S + 1) + βexpExp+ . . .) (2)

= θ(s, x) exp(βS) (3)

so the relative income gain from an additional year of schooling is

G =
θ(s+ 1, x)

θ(s, x)
= exp(βS) (4)

Using Table 5, or estimate is then Ĝ = exp(0.0748183) = 1.0777 i.e. a wage increase

of about 7.78% per year of schooling. Furthermore, we know from Table 5 that a 95%

confidence interval for βS is .0728;.0768, so a 95% confidence interval for G is

[exp(.0728); exp(.0768)] = [1.0755; 1.0798]. (5)
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7.

When the probability of being born outside Oslo is p(x), the odds ratio of the same event is

defined as O(x) = p(x)
1−p(x)

, and in terms of the logit parameters (call them γ), the odds ratio

is

O(x) = exp(γO) × exp(γSS) × · · · × exp(ui) (6)

What is estimated in Table 6 are coefficients β = exp(γ), so an interpretation of β is that if

the explanatory variable increases by one unit, odds of being born outside Oslo is multiplied

by β.

For instance if the family income is in the upper (5th) quintile so inc q5=1, the odds of

being born outside Oslo is multiplied by 0.57, i.e. almost halved. Hence coming from a rich

family reduces the likelihood of having been born outside Oslo. A true causal explanation

probably involves considerations of wealth in and out of Oslo as well as migration decisions.

A similar case is workers employed in private sector services (services=1), who have a

coefficient of 0.787. Then the odds ratio is multiplied by 0.787, hence somewhat reduced.

An example of the contrary is individuals with education within agriculture and fisheries

(edu farm=1) which has a coefficient of 1.489. This means that the odds is increased by

48.9%, which is a clear positive effect.
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