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Marthe er smabruker, mens jeg er bare en skap-bonde




Awar slide vedr.
sparsmal fra
salen om Al
generert kode og
systemstgrrelse
(“small is
beautiful”)

Figuren viser
mye kode som
sjekkes inn =>
lite
gjennomlesing
(1.5 mill pull
requests)

Average time to review per file (hours)

25

20

15

1.0

05

Average time to review per file by number of files changed in PR

0.00

Total PRs sampled: 1,534,000

3.01

on

0.05 0.02 00
47 815 16-31 32-63 64127 128-255 256-511 512-1023 1024+
Number of files changed in PR .
@ Graphite




Product, process, people?



Product, process, people?

Produktivitetsdrivere
| 161 IT prosjekter (mest
NASA) fra 1970 tallet

viser starst variasjon over
mennesker

WITH COCOMO 11

Barry W. Boehm - Chris Abts - A. Winsor Brown
Sunita Chulani - Bradford K. Clark « Ellis Horowitz
Ray Madachy - Donald Reifer - Bert Steece




Dunning-Kruger effekten pa inkompetanse blant utviklere
som estimerer timer for a levere funksjonalitet
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Relations Between Effort Estimates, Skill
Indicators, and Measured Programming Skill

Magne Jorgensen, Gunnar Rye Bergersen ™, and Knut Liestol

Abstract—There are large skill differences among software developers, and clients and managers will benefit from being able to
identify those with better skill. This study examines the relations between low effort estimates, and other commonly used skill
indicators, and measured programming skill. One hundred and four professional software developers were recruited. After skill-related
information was collected, they were asked to estimate the effort for four larger and five smaller programming tasks. Finally, they
completed a programming skill test. The lowest and most over-optimistic effort estimates for the larger tasks were given by those with
the lowest programming skill, which is in accordance with the well-known Dunning-Kruger effect. For the smaller tasks, however, those
with the lowest programming skill had the highest and most over-pessimistic estimates. The other programming skill indicators, such as
length of experience, company assessed skill and self-assessed skill, were only moderately correlated with measured skill and not
particularly useful in guiding developer skill identification. A practical implication is that for larger and more complex tasks, the use of
low effort estimates and commonly used skill indicators as selection criteria leads to a substantial risk of selecting among the least
skilled developers.




De med lave ferdigheter (“skills™) vurderer seg selv som
bedre enn de bar
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Fig. 8. Measured programming skill versus self-assessed skill.



Velger man laveste estimat (i timer) pa a gjare en jobb, er

sannsynligheten hgyest for a velge en med lavest
ferdighet
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Fig. 3. Boxplot of estimates per skill category for the larger tasks. Fig. 5. LnEst versus skill score for the larger tasks.



